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In this paper, we present a novel data mining method, which includes a knowledge evaluation framework with meta-learning about the
performance of predicted values. The objective of the proposed method is to obtain high credible knowledge to analyze medical data. The
method consists of the following phases: model exploration, model implementation, model validation, and model integration. The model
exploration is mx n parallel KDD processes containing m learning programs and n-fold validations. We evaluate each learned model by
comparing its predictive values against unknown data. The model implementation generates practical models from both background
knowledge and acquired knowledge from the data and verifies the prediction performance by test data. These two phases are for internal
validity of the knowledge. In the model integration phase, we compare the prediction performance of practical models learned by
independent different data sources in order to generalize the acquired knowledge. This phase is to generate a generalized model integrated

from individual models for the external validity. This paper applies the proposed method to practical medical data analysis and discusses the

effectiveness.
1. EBM [5] EBM
EBM Evidence
[1] Evidence
[2] [31 Knowledge Discovery in Databases (KDD)
[4] [6]

Evidence-Based Medicine
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Flg. 2 (LR : Linear Regression, NN : Neural Network , SEM : Structural Equation Modeling )
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