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Abstract Apriori-based Graph Mining (AGM) algorithm efficiently extracts all the subgraph patterns which frequently
appear in graph structured data. The algorithms can deal with general graph structured data with multiple labels of vartices and
edges, and is capable of analyzing the connective structure of graphs. We have proposed a faster algorithm of AGM by adding
an extra constraint to reduce the number of generated candidates for seeking frequent subgraphs. In this paper, we propose a
new method to analyze graph structured data which are represented with a 3-dimensional coordinate by AGM. In this method
the distance between each vertex of a graph is calculated and added to the edge label in pre-processing so that AGM can handle
3-dimensional graph structured data. Chemical compounds with dopamine antagonist in MDDR database were analyzed by
AGM to analyze their 3-dimensional chemical structure and correlation with physiological activity.
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// minsup : e/ X FREE (BRE)

1) F; = {Frequent subgraph of size=1};

2) for (k=1; Fx# ¢ ; k++) do begin

3)  Cyu = apriori-gen-join (Fy);

4)  Cius = apriori-gen-prune (Cun);

5) count (GD;Cx+1);

6) Fre1 = {cks1 € Cis1 | sup(G(ck+1)) = minsup};
7) end

8) Answer= U, Fy;

K1 AGM7 T Y X A
2.2. EH
AGM 7 AT Y XATH|D 77 7IXEA, LT T~
L, UTOX5CEBSENS.

e S_ARESTT
EHADES V(G), WNES EWG), HEDT N
£E Ly(V(G), WD T ~LESR Le(E(G)HH
V(G) = {vi, Va,..0, Vi,
E(G) = {en = (vi, V) | Vi, vj EV(G), i¥]},
Ly (V(G)) = {Ib(v} | v € V(G)},
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If (1.2 <dist<1.8)then BE#({E=a
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If (2.4 <dist<3.0) then BE#fE=c
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