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Abstract The purpose of this paper is to clarify whether the Genetic Algorithm Learning can describe the Model
of Investor Sentiment(Barberis et al., J. of Financial Economics, 49, pp.307-343, 1998), one of the studies of the
Behavioral Finance. For this purpose, we explored the conditions using the agents’ viewpoints towards market
which were obtained when some series of typical asset-returns were given. As a result, some conditions for genetic
algorithm were shown to be required: First, in order to represent the model of investor sentiment by genetic algo-
rithm learning, agents need to know market condition for their learning. Second, the information used when agents
select their parents must be up-to-date.
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Fig.2 Sketch of eq. (3) and convergent points.
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