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Abstruct

We present a method of generating complex networks by using multi-objective genetic algorithm
for the optimization of two evaluation functions. The first evaluation function is the mean geodesic
(i.e, shortest) distance between vertex pairs in a network, the second is the clustering coefficient,
which measures the fraction of triples that have their third edge filled in to complete the triangle.
In real networks, it is known that the former is comparatively short, and the latter tends to be
considerably higher compared with the random graph with a similar number of vertices and edges.
We conduct some experiments to see whether the generated network has properties of real networks,
and show that our method is effective.
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