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This paper extends the mistake-driven learner WINNOW, which has been highly studied in the theoretical machine
learning literature, to better utilize thesauri for text categorization. In our method not only words but also semantic
categories given by the thesaurus are used as features in a classifier. New filtering and disambiguation methods are
used as pre-processing to solve the problems caused by the use of the thesaurus. In the experiment we test RWCP

corpus and verify our method.
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