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In this paper, we report a method for calculating association score between technical
terms utilizing statistical information obtained from the keyword lists assigned to academic
papers by the authors. The proposed method first generates a global ‘term graph’ utilizing
co-occurrencies of the keywords in the list. Then, an association score of a selected term
pair is calculated based on the average path length between the terms on the graph. This
paper also shows experimental results where a large-scale term graph actually extracted
from NACSIS Academic Database is applied to text classification task. It is shown that
the proposed association measure works effectively with such keyword corpus while other
existing methods such as mutual information or context vector suffer from data sparseness
problem.
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