HREFHLE  138—11
(2000. 7. 19

Support Vector Machine (C & 2 BARZER ) 5T 8E4T
Tk fa A R ‘

RBSEMBHEBRFERE RS R ER R
T 630-0101 F RIRAEHT R LLIAT 8916-5
Tel: 0743-72-5246

{taku-ku,matsu}@is.aist-nara.ac.jp

b5 FL

AR T2, Support Vector Machine (SVM) (20 BERFBR Y ZITBNFELZREL, TOFMELT2 . KIS, BEX
PRRLY OV —FEEIHEER ) S BFOREEFVE LTRESATVAEY, Th 5 0FRBMEL EHBRIE
RENAY, EHROEAGHOEENEBLEBECERVE VS LHEND L. F0O—FT, SVM BRI L HIEFEFN
CHBL T, ANIREHCEET 5 2 L 2 BOTHVIMLEN 2HL, £ 512 Kernel B VI HSTMATEI LT
MEALEEORASDEEERL LN OETTZILATTETHS. SVM 2R ) BN GEEL, KAk -2 %2H
WTUEREFH 24T % o 7245 R, 5540 L E VI SEEICALRVWEFE F -2 1I2b b b7 88.66% OB VHEE LR L.

FoT=F MU, $R Y ST, #REE, Support Vector Machine

Japanese Dependency Structure Analysis
based on Support Vector Machine

Taku Kudoh Yuji Matsumoto

Graduate School of Infomation Science, Nara Institute Science and Technology

8916-5 Takayama-cho, Ikoma-shi Nara 630-0101 Japan
Tel: +81-743-72-5246

{taku-ku,matsu}@is.aist-nara.ac. jp

Abstract

This paper describes an analysis method of Japanese dependency structure based on Support Vector Machine (SVM).
Conventional parsing techniques based on Machine Learning framework, such as Decision Tree and Maximum Entropy
Model, cannot analyze sentence precisely, since features in these models must be selected carefully and it is difficult to .
train combination of features. On the other hand, it is well-known that SVM achieves high generalization performance
even with high dimensional input data. Furthermore, by introducing the kernel principle, SVM can carry out the
training in high-dimensional spaces with smaller computational cost independent of their dimensionality. We apply
SVM to Japanese dependency structure identification problem. Experimental results on Kyoto University corpus
show that our system performs 88.66% even with small training data (5540 sentences).
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