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There are more indexed terms in bigram information retrieval systems than key-
word based systems. Therefore, the computation time of bigram systems tends to
be longer than that of keyword based systems. This paper proposes a method to
improve the efficiency of bigram information retrieval system by selecting bigram-
s from their frequency. Though it is natural to use df (document frequency), we
propose to use tf(term frequency), which is highly correlated with df, and which is
more efficient to calculate. The experiment shows that tf is almost as suitable as df
to select bigram and is more suitable to make system eflicient.
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