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Text Categorization using Active Learning with AdaBoost
Koji Tsukamoto and Manabu Sassano
Fujitsu Laboratories, Ltd.,
1-1, Kamikodanaka 4-chome, Nakahara-ku, Kawasaki 211-8588, Japan
{tukamoto sassano}@jp fujitsu.com

In this paper, we describe an active learning method with AdaBoost on a text categorization task.
This method reduces by as much as one tenth the amount of labeled data needed by AdaBoost without
the active learning method for Reuters 21578 newswire articles. We also discuss phenomena that the
accuracy of the categorization decreases when the size of training data increases by changing the value

of feature vectors from continuous to binary.
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