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Text Classification with a Polysemy Condidered Feature Set

JUN ARAKI,t FUMITAKA NAKAMURA' and MASAYA NAKAYAMA't

This paper proposes a method for considering the polysemy of a feature set in text classi-
fication. Feature selection has been performed selecting words with higher evaluation value
such as mutual information and so on. However, polysemnous words, which have bad influence
on classification accuracy, can be selected as features even if we use the evaluation. We pro-
pose the text classification method using the number of times of coincidence of a word and a
category. In the experiment we test Reuters-21578 corpus and verify our method.
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