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Interpolation of Sub N-gram Models

Rikiya TAKAHASHI', Nobuaki MINEMATSU', and Keikichi HIROSE'

1 Graduate School of Information Science and Technology, University of Tokyo
1T Graduate School of Frontier Sciences, University of Tokyo
E-mail: f{rikiya,mine,hirose}@gavo.t.u-tokyo.ac.jp

Abstract This paper proposes a new language model (LM) implemented by adaptively cotrolling a
mixture of sub N-gram models. The total performance of the proposed LM is higher when each sub
N-gram model is topic-specific. Such topic-specific LMs generally need a text-clustering method but we
propose a training algorithm without using a text-clustering method. The proposed training algorithm
gives the topic-belonging-probabilities to each sentence in the training text, and minimizes the entropy
of the training data calcurated by the built LM. In our experiment, the LMs built by the proposed train-
ing algorithm are better performed than the LMs built by manually using the topic tag. The adjusted
perplexity of the open data, by the proposed LMs, is lower than that by the traditional N-gram models.

The decrease score is 12.7% in the unigram interpolation, and 4.3% in the bigram interpolation.
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