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A Tool for Comparing Measures of Word Similarity

Kou KAWABE™  Hideki KasHioka™ Hideki TANAKAY  Yuji MATSUMOTO!

f Graduate School of Information Science, Nara, Institute of Science and Technology

P ATR Spoken Language Translation Research Labs.

Words are one of the most principal unit for Natural Language Processing. For these days, improving the accuracy
of morphological analysis, dependency analysis and parsing techniques enable us to identify the unit automatically
from given text. The meanings of the words, on the other hand, is extracted from knowledge expression such
as dictionaries for humans and thesaurus. To compare the meanings of words, a measure, word similarity, is
introduced to denote the distance between these words and is calculated from several infomation about these
words. A dozen of these measures are recently proposed and selecting them properly for our target task is a
crucial problem. We made a tool to compare these measures for the convenience of the choice.
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