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Abstract The purpose of this paper is to clarify the correspondence among the lexical meaning relationship between
words extracted from documents and the statistical model to extract these relationship. There are some statistical models
proposed to deal with the lexical meaning relationship between words extracted from documents. However, some discussions
have left about not only the correspondence among the statistical model and the lexical meaning relationship between words
based on their model, but also specification of these lexical meaning relationship. We define four classes of meaning relationship as
specification, abstraction, same topic and synonym, and propose the statistical model fitting to these relations in this paper. Our proposed
method is composed of the dealing with the method of words weighting and the statistical model based on Bayesian Statistics. Additionally,
we apply the proposed models to documents of news articles, compare the correspondents between the statistical model and the lexical
meaning relationships among words based on these methods and confirm that we could extract the lexical meaning relationships meets our
needs.
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