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Abstract  In this paper, we estimate prior distribution by mixture distribution of multinomial and uniform distri-
butions, for word sense disambiguation (WSD) tasks. In the case that we take advantage of training data, we can
judge which is fitter multinomial distribution or uniform distribution, by using Akaike Information Criterion (AIC).
As the result, we show that multinomial distribution is selected if training data is large. On the other hand, there is
another view that we should not use training data to estimate prior distribution. We explain this view. These two
views are harmonized by our mixture model. In experiments, we used the Japanese dictionary task of Senseval2.
As learning methods, we used Naive Bayes and decision list. For each learning method, we evaluated precisions of
the task in each case that using multinomial distribution, uniform distributions and mixture distribution as prior
distribution. As the result, we showed our method is effective.
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