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A Study on Multi-topic Text Models

Naonori UEDA Kazumi SAITO

NTT Communication Science Laboratories, NTT Corporation

Abstract: As the number of online documents has been rapidly increasing, text modeling is becoming
more important in information retrieval and text mining. Since a document often belongs to multiple
topics, the multiplicity should be taken into account for text modeling. Recently, we proposed a novel
probabilitic generative model, parametric mixture model (PMM), and showed its usefuleness for multi-
topic text categorization. Independetly of our PMM, latent Dirichlet allocation (LDA) model has been

proposed to model multi-topic text. In this paper, we examine the differences between these two models.
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