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Matching between Document Taxonomies using Probabilistic Models

Kazumi SAITO Naonori UEDA  Yuji KANEDA

NTT Communication Science Laboratories, NTT Corporation

abstract: We propose a new method for obtaining mappings between document taxonomies by using

probabilistic models. The main characteristics of the proposed method is that based on parametric
mixture models for multi-topic documents, the matching problem is formalized as a model search problem
by using a minimum description length criterion. In our experiments using real Web data, we show that

our approach can produce promising initial results.
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