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Keyword extraction from corpus

Yuji KANEDA  Akinori FUJINO  Kazumi SAITO  Naonori UEDA

NTT Communication Science Laboratories, NTT Corporation

abstract: In this report, we address the problem of automatic keyword extraction. Conventional
methods have been based on term frequencies and term position in a document, not considering the
content of the document. In our experiment using NIPS corpus, we found that document similarities
among documents with the same keyword are high, which is intuitively reasonable. Based on this finding,
we propose a new method in which document similarity as well as the term frequency is incorporated
into the criterion of keyword extraction. Comparing the proposed method with the conventional tf-idf

method, we confirmed the effectiveness of the document similarity on keyword extraction.
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