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Utilization of PLSI
for Automated Thesaurus Construction

Masato Hagiwara Yasuhiro Ogawa Katsuhiko Toyama

Graduate School of Information Science, Nagoya University
E-mail: {hagiwara, yasuhiro, toyama}@kl.i.is.nagoya-u.ac.jp

Abstract

A common way to obtain synonym relationships from large corpora is to utilize the features
such as cooccurrence and words’ context. However, methods based on direct use of surface
information concerning to words suffer from noises and sparseness. This paper describes
how to utilize PLSI, which is a latent semantic model based on probability theory and in-
formation theory, to infer the meaning of words and obtain synonym relationships between
nouns. An experiment has shown that PLSI achieves the best performance compared to
conventional methods such as tf-idf and LSI, which shows the effectiveness of PLSI for auto-
mated construction of thesauri. Various useful techniques when applying PLSI to automatic
acquisition of synonyms are also discussed.

key words Automated thesaurus construction, PLSI, Latent semantic model, Automatic
acquisition of synonyms
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