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Automatic Acquisition of Usage Information
for Language Resources
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UcHiMoTO Kivorakafand MATSUBARA SHIGEKI

tNagoya University *National Institute of Information and Communications Technology

Recently, language resources (LRs) are becoming indispensable for linguistic researches. However,
existing LRs are not fully utilized because it is not well known that they have a variety of usages.
It indicates that the intrinsic value of LRs is not recognized very well. In this research, therefore,
we extract a list of usage information for each LR to promote the efficient utilization of LRs. In
this paper, we propose a method for extracting a list of usage information from academic articles
by using rules based on syntactic information, and show that it helps us to efficiently search LRs
by adding the extracted list of usage information to metadata database of LRs.
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(1) ‘We use WordNet for lexical lookup.

(2) We extract lexical relations from WordNet.

(3) WordNet contains semantic relationships.
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— We use WordNet for lexical lookup.

— The use of WordNet enables a more system-

atic and more detailed attachment of such
marks.

— WordNet is a valuable resource for semantic
annotation.

— The assumed baseline is the algorithm that
tags the corpus according to the first Word-
Net sense.
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— We outline a mechanism for deriving new
concepts from WordNet using metonymy.

— Finally we assign to each noun its corre-

sponding WordNet code.
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contribute, enable, allow, provide, etc.
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useful, valuable, available, helpful, etc.
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according to, based on, through, etc.
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e for word sense disambiguation
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o assign WordNet senses to cluster labels
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