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Clustering method for detecting dynamic intentions from browsing behavior

SHOUICHI NAGANO, ! HIROYUKI TAKAHASHI!
and TETSUYA NAKAGAWA 11

‘We propose a clustering method for detecting the change of intention from user’s browsing
behavior. It is necessary to treat the user ’ s intention accurately in information explosion
age. However, treating dynamic intention is difficult for a conventional method, as behavior
targeting model. Because the category change little by little in the same intention, and any
other intentions exist at same time.

For detecting user’s intention change in browsing-behavior, we analyze each of browsing-
history based on the similarities, and clustering based on local part similarities, in case web
history have not a normal distribution.

In addition, we evalute on result of an experiment to effectiveness for conventional clustering
method.
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Algorithm-processl

Input: a new value sim(p.q),

(p €all of ID=numid,, g € all of ID=numid,)
Output: cluster;

1. for z =1 to numid: do

2 for y =1 to numid; do

3 if sim(z,y) > simaN |z —y |< T1 do
4. Tieconnect—(x,y);

5. end if

6 end for

7. end for

8. foreach Tieconnect(a,b) do

9. foreach number of cluster do
10. if a € cluster[num] do

11. cluster[num]«<—b;

12. elseif b € cluster[num] do
13. cluster[num]«—a;

14. end if

15. end foreach

16. if a € cluster[num] do

17. make new cluster—a,b ;
18. end if

19. end foreach
20.  Report (cluster);

Algorithm-process2
Input: cluster:, sim(p.q), numids =unclustedID
Output: clusters

21. for z =1 to numids do

22. foreach cluster; do

23. foreach factor of cluster; do

24. if sim(m,factor of cluster;) > simaN | z — y |< Todo
25. looseconnectcounter++

26. end if

27. end foreach

28. if factor of clusterxShare < looseconnectcounter do
29. cluster[num]—numids;

30. end if

31. end foreach

32. end foreach
33.  Report (cluster);
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