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Abstract It would be profitable to every member of a group of companies or organizations for them to conduct a data
mining to discover the shared patterns, associations, trends or dependencies in their shared data. The privacy, however, is a
concemn. It is often required that the desired results of data mining are accomplished while still preserving the privacy of every
participating group member. In this paper, a distributed privacy-preserving data mining algorithm is proposed. The algorithm is

characterized by its excellent collusion-resistant ability, which is achieved in very low communication cost.
Keyword Data mining, preserving privacy, distributed processing, collusion-resistant communication.
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