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Abstract Presently, sensor networks supported by recent technological advances in low power
wireless communications along with silicon integration of various functionalities are emerging as
a critically important computer class that enable novel and low cost applications. The sensor nodes
are equipped with battery power. The node life depends on node battery power and the network
lifetime depends on node lifetime. The extending of network lifetime is a very important problem
of sensor networks. In LEACH, the network nodes are considered to have the same battery power.
However, this is not the case in real environments. In this paper, in order to deal with this problem
we propose a power reduction algorithm based on fuzzy logic for sensor networks. We evaluate the
proposed algorithm by simulations and show that proposed algorithm has a good selection of the
cluster head.
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