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Gradual Adaptation Model for Estimation of Human Information
Access Behavior

Jian Chen, Roman Y. Shtykh, and Qun Jin
Graduate School of Human Sciences, Waseda University, Japan

In this study, we present a gradual adaptation model to estimate human information access
behavior. A variety of users' information access data are collected in terms of short, medium,
long periods, or by categories such as remarkable and exceptional. The proposed model is
then established by analyzing the preprocessed data based on the Full Bayesian Estimation.
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