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Abstract This paper presents a method using a genetic algorithm and game theory for Nurse Scheduling Prob-
lem(NSP), which is one of the multiobjective optimization problems. The object for the traditional approach of
the NSP has to be definitely formulated by a performance function. The proposed method provides an optimiza-

tion scheme for solving problems including objects like nurses’ preferences, which cannot be formulated by any

performance functions by utilizing a game where each player has its own strategy.
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