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Currently very large amount of “raw” data arc stored as a database without their detailed analysis.
To utilize these data effectively and respond flexibly to a wide variety of knowledge applications, the
development of very large shared knowledge bases is of prime concern. For this purpose, the technique of
how to mine “knowledge” from very large databases becomes a very important issue, and by adding such
discovered knowledge to the databases we can construct advanced knowledge bases. This paper gives a
brief survey on the current trend and future perspective on the research of “knowledge discovery in very
large databases”. ’
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