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This paper studies on the dissimilarity of waveforms. The dissimilarity based on the distance in
the frequency domain is proposed for the correct similar search of the waveforms having major power
at high frequency. The correctness of the proposed distance is evaluated through the metrics used
in evaluating that of the information retrieval, i.e. precision and recall. The experimental result
shows that the proposed distance works better than the Euclidean one, which is the tradisional
dissimilarity, in retrieving waveforms having major power at high frequency. Additionally, this
paper improves the proposed method by considering the characteristics in recognizing waveforms
and the envelopes of waveforms.
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