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In this paper, we propose an Interactive Image Mining System (IIMS). Image databases
often contain knowledge that could be discovered. For example, if HDD (Hard Disk Drive)
heads of high performance have a specific shape, this knowledge could be discovered from the
relationships between the visual features of head images and performance values in metadata.
However, automatic discovery is a significant challenge since it is often difficult to know what
types of visual features are related to metadata. To solve this problem, IIMS combines human
pattern recognition abilities with the data processing capabilities of computers. IIMS enables
users to move and zoom in/out of images in a virtual 3D space and to interactively change the
arrangement of images based on metadata or visual features to formulate hypotheses. We
applied IIMS to two applications for CAE (Computer Aided Engineering) of HDD heads. The
results confirm that valuable knowledge can be discovered.
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