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Effective bandwidth allocation becomes essential to utilize network resources, espacially
in large networks. In allocation problems, it is difficult to obtain optimal solution in
reasonable computational cost because they are classified into combinatorial optimization
problems. Mario Gerlra et. al[l] proposed an allocation algorithm that minimize the
mean packet delay. In this paper, we try to solve a multi-objective optimization problem
that minimizes the delay and also minimizes its variance. We employ genetic algorithms
with multi-objective selection strategies in order to obtain a sef of Pareto optima.
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