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Neural network reproductlon of tune series data
- with varymg amplitudes. and frequenmes
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. An -artificial neuralv network simulation was applied to the recognition' and reproduction

of time series data whose amplitudes and frequencies simultaneously change with time. The

model is composed of two neural networks respectively predicting the change of amplitudes

: and-frequencies. The résults of our model were compared ‘with those of trained by the least

- - squares method using four kinds of model functions. Our model gives higher quahty results
_than the lealt squares mgthod especlally in the prediction of amplltude change '
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Table 1. Mean relative error and standard deviation of data4
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Fig.4. Pred.\ctxon of data4(case2) NN and LS.
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Table2. Mean relative error and standard deviation of noised data 4
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Fig.5. Prediction of noised data4(case?2) NN and LS.
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