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Imprementation of Parallel and Distributed Genetic Algorithms
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In this paper, the characteristics of the typical two models of parallel genetic algorithms
are compared. Those models are the coarse grained model and the micro grained model.
Especially, the parallel efficiency on PC clusters that have not more than 10 nodes are
discussed. The cluster used in this study have two kinds of network; FastEthernet and
Myrinet. The characteristics are examined through the numerical examples; the Rastrigin
function. In result, the micro grained model shows bad performance because of having
not so high performance network on a PC-Cluster. The micro grained models shows good
performance if the problems are properly big.
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