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Modeling and Proposal of an Approach for Optimal Departure Timing in Xiao-Ba
by Reinforcement Learning
Li Jiang and Satoshi Fujita
In this paper, the operation control system of Xiao-Ba, akind of small size bus which moves on aline, is modeled. In order to

obtain the optimal departure timing of Xiao-Ba autonomously corresponding to its conditions, which changes on-line, an
approach is proposed by Reinforcement Learning in POMDP environment model. Also, a series of data experiments is

executed to evaluate of this method.
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