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Motion Analysis based on Potts Model

Iris Fermin
Aston University

Keisuke Kinoshtia
ATR Human Information Science Labs.

Abstract The computation of visual motion is important for tasks such as stereo motion,
depth estimation and control of locomotion. The classification of regions into clusters that
contain the same motions is meaningful for discrimination of static and moving objects,
understanding gestures. We present a new approach for clustering motion from spatio-
temporal image information based on Potts model and Monte Carlo simulation. Analogous
to spin model in statistical physics, each pixel is assigned its own spin. They are statisti-
cally estimated considering interaction among neighbouring pixels. Choosing appropriate
temperature, super-para magnetism phase emerges allowing the extraction of clusters that

have the same motion.
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