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Distributed Probabilistic Model-building Genetic Algorithm (DPMBGA) is one of real coded
Genetic Algorithms. This thesis talks about two topics. The first topic is the discussions of
the optimum parameter values of the DPMBGA. The DPMBGA needs a lot of particular
parameters and experiments. In order to solve this problem, we improve the DPMBGA. The
improved DPMBGA can achieve the performance without setting parameters. The second
topic is the searching mechanism of the DPMBGA. The numerical experiments indicated
that in the function which has many sub-speaks, it is important to maintain the diversity
of population. On the other hand, in the function which has correlations among design
variables, Principal Component Analysis (PCA) can perform the effective searching ability.
This thesis concluded the DPMBGA can achieve high searching ability in both of these
functions.
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