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We see machine learning as abstraction or modeling of learning object. In these days
many kinds of programming languages, like functional programming languages, are
developed which have strong abstraction description power. It is possible that obtaining
abstracted description of learning results and abstracted modeling of the machine
learning procedure, using this abstraction description power on the machine learning.
From the abstracted description of learning results, it becomes clean how the learning
objects are abstracted, and make use toward next learning process. Then, conversion
and composition of learning algorithm are enabled by modeling of the learning process,
and reliability of learning process can be considered. We discuss about their useful
property.
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