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Consideration of Estimation of Distribution Algorithms
employing Simulated Annealing
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Estimation of Distribution Algorithms(EDAs) build a probabiblistic model which reflects
promising solutions and generate new solutions using the model. Considering the dependen-
cies between the variables with the model, they can slove GA-difficult problems. On the
other hand, EDAs have a drawback they need extensive computational cost for building the
model. While the development of such optimization methods is advanced, the hybridizations
of these methods and local search methods are widely studied. In this paper, we propose a
hybrid algorithm of Bayesian Optimization Algorithm(BOA), which is one of EDAs, and a
local search employing Simulated Annealing(SA).
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