FEFEN SR
IPSJ SIG Technical Report

o 2007—MPS—67 (3)

2007—BIO—11 (3)
2007,712,720

TA4VILBERBREREETIVICESSERT—2ORI SR Y

Z W £ T ow@E® £ k@ & oot

FAU I VERBEEFAEBNERY TAS UL S RERRRT D, £ITRE VLT LT, 2
FOT A7 AEABER L O L 5 2FIBRCERTRAT —F LT, 7 (2—%) L5 (74
Fh) BB FAZY LI TAMETSHS. REER, a—F (bLETAFL) 5228
ETAF A (b LEa—F) 7T ABRTOSEAEREL, EVALZ FABR L7
LECBAMTRIAE LS LRE LATT SN TRY SRE U v r/+5. REBEE, a—¥F (7
AT L) 7T AREERCRET S ERCHITRZY L IRTE, Hi2, REBED L5 2RHA
HEELT SR LTEVBVI TR Y L IVBERRT. E5 2 AVEERICLY, F4U
7 VBRREEFMCE S ERTE EREFTFAL) LT, SVBEORVES SAX Y
PERRBONRD T L BT

Co-clustering Discrete Data based on the Dirichlet Process Mixture Model
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We propose a new co-clustering method based on the Dirichlet process mixture model
(DPM). Co-clustering is the problem of simultaneously clustering rows and columns of a data
matrix, such as purchase history data of users and catalog items. The proposed method as-
sumes that each user (or item) class has a multinomial distribution over item (or user) classes
to select, and a purchase occurs when both selections of user and item classes match. The pro-
posed method can co-cluster users and items without knowing the true numbers of clusters.
The experimental results show that the proposed method can provide better co-clustering
results compared with IRM, another previously proposed co-clustering method based on the
DPM, especially for the data matrix that contains missing data.
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