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Proposal of divided association of a new associative model

Jun TsuzuRUGH:tt and HIDEAKI SAKAI #t

In this paper, we construct a new agsociative model using one of the properties of the as-
sociative memory model, and we propose a methof of divided learning and association. The
state vector is divided at random into two parts and the memorized patterns are divided by
one o one correspondence in accordance with the state vector. Although this division makes
the load two times as for the memorized rate of each network, the proposed model gives good
resuits than the conventional associative memory model.
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