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Performance Evaluation of User-based and Item-based
Collaborative Filtering by Multi-agent Modeling
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Hirovuki Iizuka  and Azuma OrUCHITLT

Information overload problem has expanded further more. A recommender system pro-
vides personalized recommendation for each user to reduce the problem. Many techniques
to maximize the accuracy of recommendation based on browse history or purchase of certain
products have been already proposed. Moreover, the recommendation result influences the
user’s behavior. Basically, the recommender system and the users are interactive, however,
this dynamics had not been researched. In this research, we modeled the user as a purchase-
rating agent, and analyzed the performance of the recommendation algorithm considering the
system-user interaction. In this paper, we report a result of the analysis of user-based and
and item-based collaborative filtering.
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