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Automatic Generation of Image Processing Filter
using Local Texture Feature

Yura Nakanot! and TomorARU Nagaof!

We previously proposed a method named “ACTIT; Automatic Construction of Tree-
Structural Image Transformation”. This method constructs tree-structural image processing
filter combined by prepared image processing filters using GP(Genetic Programming). Using
this method, we succeeded in constructing various image processing. However, in some cases,
it is difficult to be solved by combining prepared image processing filters. Therefore, we have
solved it by adding some new image processing filters. In this paper, we propose a method
“Automatic Generation of Image Processing Filter using Local Texture Feature”. This method
automatically generates image processing filter using local feature of input image. We apply
this method to ACTIT, and construct complex image processing.
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Fig.1 Processing flow of ACTIT system.
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Fig.2 Calculation of local texture features.
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Table 1 Proposal image processing filters.
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Fig.3 Training image set.
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Fig. 4 Experimental result of proposal method.
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