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Subjective Trigger Models for Opinion Retrieval

KAzUHIRO SEKIt and KUNIAKI UEHARAt

This paper presents a novel application of trigger language models to opinionated blog post
retrieval. We employ the models to capture the characteristics of written personal opinions
based on an assumption that there are two constituents to form a subjective opinion; One
is the subject of the opinion or the object that the opinion is about, and the other is a sub-
jective expression. The former is regarded as a triggering word and the latter as a triggered
word. We automatically identify those subjective trigger patterns to build a language model
from a large number of product customer reviews. Our experiments show that, when used
for reranking initial search results, our proposed model significantly improves opinionated

document retrieval by over 20% in MAP.
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Title March of the Penguins

Desc. Provide opinion of the film documentary
“March of the Penguins”.
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