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This paper presents the rerults of the experiments of the dynamic software tuning method, named
Adaptive Algorithm Selection Method (AASM) on various machines. When the library is called, the
AASM selects the algorithm which fits for the data and the machine from the algorithms registered in
the library, and then makes it execute. Since the software is automatically tuned, the execution time will
be shorten. We have experimented on multi-strings search problem with AASM on different architectures;
Sparc-Station 2, Cray X-MP/216 and FACOM M 1800/30. This results shows that AASM is able to
minimize the average execution time.
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