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High-Speed Association Rule Mining using Hash with Minimum Support

TAKESHI SHINODA

HirosHI MATSUO

NAGOYA INSTITUTE OF TECHNOLOGY

Mining association rules from a huge database is an important problem in data mining.
Since databases are very huge, it is important to develop fast method for data mining. In
this paper, an efficient alogorithm for mining association rules is proposed. This algorithm
virtually partitions database with hash function, and then exploits the skewness of partitioned
databases. As a result of implementing this algorithm, database is partitioned to have high
skewness so that high-speed mining is achieved. Further, this algorithm is parallelized and
implemented on SMP computer. The performance of parallelized algorithm is evaluated.
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