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Utilizing Large Language Models for Creating Dialogue Practice
Materials to Support English Education

HIDENAO ABE'!

Abstract: Currently, services called generative Al, such as text generation and image generation, are attracting attention and are
expected to be utilized in various applications. In our study, a system that combines a robot service and teacher business rule bases
has been developed to support English education for junior high schools in Japan to help learners acquire the skills they need to
acquire in each unit through dialogue practice during English classes. Then, the system aims to create a learning environment where
students can become more motivated. In this paper, a method to support the creation of dialogue practice materials by integrating
a large language model and a domain-specific language model, although the sentences for dialogue practice are ordinary created
by teachers and learners themselves in current classroom situations. In this method, to generate general dialogue sentences
according to the teacher’s demand, a large-scale language model is utilized firstly. Then, to adjust the level as the suitable for the

leaners, a relatively smaller scale language model is used with paraphrasing the generated sentences.
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Figure 1 Domain-specific sentences generation based on the
XALI framework.
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Figure 2 An Overview of retrieval augmented generation for
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Figure 3 An Overview of domain-specific sentences generation

by LLM and fine-tuning

XD RAAL T

b Xsic, RKEEETVERALT, &7 7Y r—
VE/u%kbﬁimﬁ%%%éﬁ@@ﬁbﬁﬁ@ﬁbﬂ
TWDR, MEIEFZL OBEMRH D L RETE T a v
T FOBEERREECTHY, TYuar T FO#HIR N—27 I
INES72L LTH, WUNCEMENRF#MEZEN L L7k
AERFERN/ELND LIXRL V. BEHETIE, BINEEI
BOWCHERERT —ZNEHo>TNEIEDTHIIE, Z0
T =2 ERWTERBOWBFE R 2RI 2 & & RENRRNT
LR END.

3. KHRBEEZBETLZANALLEENERS

Bt & R

F2EICRARBREBE L, RETIE, KEESEET
TV E R U 7 JERE R EEMUE B OAER SR FIEIZ DWW T
WD, KRBT, AARIZRIT B PEEOIGESE 2 %t
GLLTN5.

AFETHE, FUDIC, KREBSEEET VISR RERE 3
PERE & L COREIOR L HHiNbOHL I & I8 5T
REFBORI AL GOERE 0T e LTHA, XE
EART A, KIZ, KEMRSEETVICL > TERS T
RIFECICRE LT, A NS R BREET LA HWT,
ANBETNEIEHEEOU XA MNICHDHEICBE SR Z,
WEIRE VLA NBAHRETH D Z L2k D

X 4 IZARFEOMB 2R~

R E
X EER B A

[&#l) &
¥ HSET
TOWXEDEE

HEE (+3UR) 1K&B
HEORT PLERBRL
(embedding) €7

4 4 RHUWLSFEET V& N AL VRHERE T L OER O
FEET & 2 s AL ) et Rl E B0k o AL R T IE DB
Figure 4 Overview of the method to generate dialogue practice

sentences for Japanese Junior-High School students.
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Table 1 English words to be learned until graduating Junior-

High School based on Japanese compulsory education system.
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Figure 5 An example for generating dialogue practice sentences
for JHS students by using ChatGPT API.
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Person A: Hey, look at that sign. It says "Tourist
Information Center." Where is it?
Person B: It's on Main Street. There's a big building with a

red roof.

Person A: What about the library? Where is it?
Person B: It's just around the corner. There's a park in

front of it.
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Figure 6 An example of dialogue practice sentences for JHS

students by the prompt in Figure 5.
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Figure 7 An execution result for replacing out-of-list word for

JHS student to a most similar word.
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