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FMCW Radar Based Range-aware Hand Gesture Recognition
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[ Input Data (50 x 37 x 3) } ",
¥ [ Flatten () }

[ Conv2D (128, (5,5), activation = relu) ] ¥
[ Dense (256, activation = relu) }

[MaxPoolZD (pool_size = (2,2), strides = 2) ] ¥
[ Dropout (0.4) ]

[ Conv2D (256,_(5,5), activation = relu) ] ¥
¥ [ Dense (128, activation = relu) ]

{ MaxPool2D (pool_size = (2,2), strides = 2) ] ¥
[ Dropout (0.4) ]

( Dropout (0.4) ] ¥
; [ Dense (classes, _activation = softmax) ]
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Range Classification | ACC (%)
ALL 88.8
FLICK UP 94.3 Gesture Classification | ACC (%)
FLICK DOWN 92.3 ALL 941
FLICK LEFT 90.0 30cm 92.5
FLICK RIGHT 96.7 40cm 95.0
GRIP 82.7 50cm 94.2
PALM UP 80.3 ggc”‘ 2‘2“3
PALM DOWN 89.7 em :
Ave. 93.7
PUSH 85.7
Ave. 88.9

# 2 ALL 7 —H 2 X BIRFEATH DR B s 5
FEEEYIE (£2) & ¥ = AF ¥ 208 ()

FD FL FR FU Gr PD PU Pu  Acc.
FD 944 15 25 0.0 15 0.0 0.0 0.0  94.4
FL 16 879 6.4 33 0.0 0.0 0.8 0.0 879
FR 0.0 7.2 864 5.6 0.0 0.0 0.0 08 864
FU 0.0 4.0 49 903 0.0 0.0 0.8 0.0 90.3]
Gr 0.8 0.0 0.0 0.0/ 99.2 0.0 0.0 0.0  99.2|
PD 0.8 0.0 0.0 0.0 23] 953 1.6 0.0 953
PU 0.0 0.0 0.0 0.0 0.0 0.8 992 00 992
Pu 0.0 0.0 0.0 0.0 0.0 0.0 0.0/ 100.0 100.0f
ALL Ave. 94.1
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30cm 40cm 50cm 60cm 90cm  Acc.
30cm 93.5 1.0 2.5 15 15 93.5]
40cm 20/ 855 10.0 20 0.5 85.5]
50cm 5.0 8.0 785 8.0 0.5 78.5]
60cm 20 15 60 905 00 905
90cm 25 15 0.0 0.0/ 96.0 96.0]
ALL Ave. 8838
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