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Algorithm 1: R KO&E T — XA K

Input: one graph data :

graph
Output: one graph data which has trigger

Function make_one_poison:
# calculate gradient
out < surrogate_model(graph)
loss ¢ loss_function(out,l-graph.label
)
loss.backward ()
grad < graph.adj.grad
# sort edges based on scores
S < grad * (2 * graph.adj - 1)
sorted_edges < argsort(-S)
# invert M edges
for m in range(M):

invert sorted_edges[m] information

return Data(x=graph.x, y=graph.y, adj=

new_adj)
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7 1: target 7LD 0 DIFEDFER

Dataset del ASR(%) | CAD(%)

attack | MO9° proteins COX2 AIDS BZR DHOFR
B GCN 71.22 ] 2.10 99.52 | 0.00 8.25 | 0.07 72.77 ] 0.12 26.05 | 1.18

YA — GIN 99.88 | 2.15 | 100.00 | -0.10 93.75 | 0.37 | 100.00 | 0.00 96.05 | -0.06
BT GCN 33.55 | 2.95 | 100.00 | -0.31 0.50 | 0.42 84.50 | 0.36 83.55 | 3.09
773K GIN 90.77 ] 3.36 | 100.00 | 0.00 91.90 | 0.27 98.88 | 0.12 68.94 [ -0.19

7 2: target 7LD 1 DEGAE DFER

Dataset [ . ASR(%) | CAD(%)

attack proteins COX2 AIDS BZR DHFR
[&E]7E GCN 54.68 | -0.04 64.46 | 0.10 4.25 | 0.05 39.75 | -1.34 85.25 | -1.77

U H— GIN 100.00 | -1.07 85.53 | 0.00 99.12 | 0.02 98.50 | 0.48 94.57 | 3.28
EiTES GCN 0.54 | -0.08 47.87 | -7.62 0.00 | -0.12 60.74 | 0.24 99.32 | 0.85
7K GIN 94.68 ] 0.80 29.14 1 0.00 78.25 1 0.00 67.251-0.24 86.7710.78
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