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Model AugMix RandomErasing RandAugment
MobilenetV3-S 0.7456 0.8176 0.8464
EfficientnetV2B0 0.6784 0.7504 0.7840
NASNetMobile 0.8544 0.9072 0.9040
InceptionV3 0.9472 0.9504 0.9568
ResNet18 0.8912 0.9360 0.9408
ResNetb0V2 0.9200 0.9360 0.9520

# 2 : 4 TensorFlow Lite EF /LD /N7 3 —< L A

Model Size(MB) FPS Accuracy Power
Consumption
MobileNetV3-S 5 22.5362 0.9520 0.6757
EfficientNetV2B0 28 2.7697 0.9360 0.7314
NASNetMobile 20 3.0401 0.9398 0.7094
InceptionV3 93 1.4377 0.9792 0.8306
ResNet18 45 2.3809 0.9792 0.8486
ResNet50V2 100 1.1536 0.9808 0.8531
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