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Abstract: The need for public engagement has been deliberated in recent years. However, because of Ja-
pan’s high context culture, Japanese people are not accustomed to communicating their opinions in clear.
Therefore, it is not easy to reflect the voices of the general public in policy making. In the process of build-
ing a machine learning model for predicting the latent needs from spoken text, this study examined how to
improve the accuracy of the model using the Word2Vec model, that uses a neural network to transform
words into vectors. In this preliminary study, we compared the accuracy of machine learning models and
selected the best model. We examined a new method that uses the Word2Vec model to create a synonym
dictionary to convert the word clusters for identical features for learning. We compared the accuracy of
machine learning models with and without adaptation of the dictionary. The results of model selection
showed that xgboost had the highest model accuracy with an F value of 0.54. The model accuracy was
0.61 with the dictionary and 0.54 without. It showed that the adaptation of the synonym dictionary using
the Word2Vec model can improve the accuracy of the model.
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Table 1 Comparison of accuracy for selecting a latent needs predic-

tion model.
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Fig. 1 Latent needs prediction.
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Table 3 Features contributing to latent needs prediction.
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