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Abstract: In current historical research, biographical information of historical figures is becoming important
fundamental information. Automatic extraction of personal attributes from dictionaries and encyclopedias using
natural language processing technology could provide support for experts in the study of humanities. However,
preparing the training data for machine-learning-based information extraction from historical documents is costly.
In this study, we try to use few-shot learning (FSL) in extracting the personal attributes of historical figures from

the Japanese biographical dictionary.
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