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The Extraction of Go Al-Specific Moves
that Differ From Human Sences
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Abstract: Since the appearance of AlphaGo, the Go Al has reached a level far beyond that of humans. However, it has been
pointed out that there is a big difference between the human senses and the moves of the Go Al, which hinders learning with the
Go Al In this paper, we propose a method for efficiently finding the good moves from the viewpoint of the Go Al but difficult to

select them from the human senses, from professional Go players' game records.
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Figure 2 Comparison of prediction accuracy on professional
moves.
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Figure 6 Professional move.
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