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J48 Logistic Multilayer

Regression Perceptron
Walking 89.9 93.6 91.7
Jogging 96.5 98.0 98.3
Upstairs 59.3 27.5 61.5
Downstairs 55.5 123 443
Sitting 95.7 92.2 95.0
Standing 933 87.0 91.9
Overall 85.1 78.1 91.7
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J48 Logistic Multilayer

Regression Perceptron
Walking 0.907 0.846 0.945
Jogging 0.954 0.986 0.993
Upstairs 0.696 0.541 0.705
Downstairs 0.702 0.519 0.700
Sitting 0.990 0.932 0.977
Standing 0.968 0.946 0.910
Overall 88.8 84.5 91.0
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